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Abstract: The widespread use of Internet and technology in the modern era, the quantity of information systems requires 

extensive processing for translation from one language to another. The scope of Japanese to Arabic translation is increasing 

due to growing cultural interaction. This study is focused on the errors that are caused as a result of the translation from 

Japanese to Arabic using Machine Translation (MT) systems like Google and Babylon. The paper makes use of Japanese 

sentences to analyse the errors in the two MT systems mentioned. The performance analysis of MT systems is performed 

with the help of Word Error Rate (WER) analysis that is one of the strongest analytical models in terms of independent 

quantification of accuracy of translation algorithms. The WER analysis clearly demonstrates that the Google MT performs 

better than Babylon MT while there is still efficiency that needs to be improved, which is related to the grammatical number 

forms of plural, dual and singular words in Arabic translation. 
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I. INTRODUCTION 

Due to increased trade between different countries and growing demand of information exchange, it has become quite 

important to understand different languages or translate context of one language into another to develop meaningful sense [1]. 

Translation has become a lucrative business around the world and the algorithms involved in it are getting increasingly complex 

[1]. Machine Translation is one of the most popular translation algorithms. It is referred to as the translation of texts from one 

language to another with the help of a computerized system and algorithm [2]. The applicability of the machine translation system 

would be limited to specific texts. Still, due to the increase in demand for an increase in information access, the requirement for 

translation is also increasing at a brisk pace. There are roughly three common types of systems that are seen to be used in machine 

translation, one being the Rule-based Machine Translation (RBMT) system, next being a Statistical Machine Translation (SMT) 

system, and Neural Machine Translation (NMT) system. The RBMT is known to make use of the linguistic rules that would 

break down the source and target language mathematically and is known to render the source text with the help of a terminology 

base. The main strength of RBMT is analysis of syntax and semantic levels [3]. Moreover, the key design feature of RBMT is its 

lexical resources [3]. RBMT can be classified into different categories including Direct Approach, Transfer based approach, and 

Interlingual approach [3].  

The Statistical Machine Translation or SMT are systems that are data-driven and make use of the corpus analysis. These 

systems are seen to choose the translation that matches with the highest probability when it comes to different translation 
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possibilities that are available and require less human interference [4], [5]. This system has seen to become more mainstream in 

recent years, and one popular model which makes use of this is Google translate [6].  

Neural networks provide natural language processing for translation systems [7]. Their capability of feature learning and 

representation makes them superior in performance to SMT algorithms [7]. In this approach, the system uses artificial neural 

network algorithms to predict the likelihood of sequence of words. Thus, this model can map single word to even large sentences 

to integrated translation outputs.  

When it comes to translation from Japanese, the MT systems for Japanese-English translation have been studied quite 

intensively and are seen to have achieved a high-quality system. That said, the same is not valid for the translation from Japanese 

to Arabic MT systems and is seen that the translation system has not been studied or analyzed as much as the other languages, 

even because Arabic would be an official UN language. Over the years, the relationship between Japan and the countries in the 

Middle East has improved more specifically with the Kingdom of Saudi Arabia and the UAE. This is mostly due to increasing 

trade deals between the countries and also involved in various aspects like sports, culture, politics, science, economics, and 

others. Thus, there is a need to improve the system of translation to achieve better results for the Japanese to Arabic Translation.   

Specifically, at first in order to improve between Japanese and Arabic machine translation system, first what we should do is 

to accurately grasp the current situation of the Machine Translation System exactly Based on this idea, in this study, we 

performed that clarified translation errors and problems to be addressed for Google MT and Babylon MT. The primary objective 

of the study is to compare the MT methods employed by Google and Babylon for translation from Japanese to Arabic. The main 

reason for choosing Google and Babylon is that these are the only representative translation algorithms when talking about 

Japanese to Arabic translation. Moreover, research analysis of these MT systems in the light of Word Error Analysis (WER) 

clearly highlights their performance of translation in different languages [8]. The motivation for comparing the Google and 

Babylon is to highlight their performance and propose which system works better for modern day Japanese to Arabic translation 

requirements. The users of the translation systems would get detailed insight into the functioning and output of the systems like 

Google and Babylon. The study will analyze the errors and issues with the current system. The sentences would be those that are 

collected from the Japanese learners' textbooks that are grammatically accurate and simple [9], [10], [11]. As described above, the 

reason of choosing platforms of Google and Babylon for this research is their popularity in MT regime. Moreover, MT systems 

for Japanese to Arabic translation are discussed in only a few research studies in the past. Our study will contribute towards 

analyzing the MT systems in detail using standard methods, and establish grounds to compare the accuracy of algorithms like 

those of Google and Babylon. Although, the Google and Babylon algorithms are likely to change due to adaptation to the latest 

requirements, yet the error analysis would conform to the general idea regarding MT systems. The changes in Google and 

Babylon systems over the period of time still conform to general translation requirements related to MT framework. So, WER 

would be representative of the basic algorithmic approach of these MT systems. Our analysis of comparison of Google and 

Babylon is versatile and covers a broad horizon of translation problems and constraints. Moreover, this analysis would be quite 

useful in the development of post-editing translation systems. 

II. RELATED WORKS 

There have been plenty of research studies done over the errors and evaluation measures when it comes to the output of the 

machine translation [8][9][10][11]. The researchers in the past have analyzed the accuracy of MT systems using various models 

and frameworks, depending on the linguistic requirements. More than 50 companies have been involved in MT due to its ever-

growing business. It cuts the cost of the translation process by making it almost completely autonomous [1]. There are various 

reasons for Arabs and other nations to invest in MT to enhance cultural exchange and trade at global levels. The researchers are 

striving hard to refine the existing MT systems to suit the requirements of the trading companies and global business partners. 
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Most other language translation system has been making use of the error analysis in sorting out the issues that are found in 

Japanese-Arabic translation system like Google and Babylon MT. There are also portable translation systems that can translate 

the various expressions that could be safely and accurately used by tourists. That said, such systems may not find it to be useful 

in other fields, which is mainly due to the mistranslations that are quite unacceptable, especially in specific fields like science, 

technology, politics, diplomacy and so on.  

The issues that lead to lousy translation could result in negativity and cause conflicts, which is due to the language barrier or 

inadequate translation as a result of a lacking when it comes to an understanding of the language [16]. Thus, it becomes highly 

essential to study the language and the processing of the language to understand the various angles better when it comes to 

language processing and translation. There have been a few researches that have been carried out by various researchers some 

on the quality of the translation systems and the sentence structure while the others were analyzing in similar ways the errors 

that could have been seen in the translations and how they compare with actual translation done by experts [17], [18]. Therefore, 

this research study aims to remove the gaps in the literature regarding analysis of MT systems and provide novel insight into 

Google and Babylon algorithms with respect to their error generation while translating from Japanese to Arabic. 

As result of this study, new data and knowledge on Japanese-Arabic MT will be strategically gathered, too. 

Machine translation has been studied since the birth of electronic computers. But Arabic language research was not so 

actively one then. Recently, some researchers have begun to study Arabic machine translation actively, e.g., machine 

translations between Arabic and English, or between Arabic and Chinese[19], [20]. But the study of machine translation 

between Arabic and Japanese are still inactive, and almost no research of the machine translation system from Japanese to 

Arabic has done so far. In this sense, our study gives one step of machine translation from Japanese to Arabic. Moreover we 

tried to clarify what problems exist in machine translation of Japanese to Arabic, based on intensive investigation by humans 

using a small but grammatically correct sentences. The details of our research will be described in the following chapters. 

2.1. Research Problem 

The process of translation from Japanese to Arabic contains a lot of complications due to the differences in morphological 

features of the two languages. Japanese and Arabic are considered to be quite different from each other and belong to different 

language families making the process quite challenging. In Arabic, we would have three grammatical number forms for nouns, 

adjectives, and verbs, which would be singular, dual, and plural. Achieving this form when translating from Japanese to Arabic 

is quite complicated and challenging when done using machine systems. This is mainly as a result of there being no translation 

rules that have been set when it comes to translation of the nouns, verbs, and adjectives into corresponding singular, dual, and 

plurals. In Arabic, these singulars are also known to have an audio context or sound context. They can be classified as either 

male or female, which is not common in Japanese, and all these are known to create a significant challenge for the translation 

systems.  

In the system, many factors need to be studied, like words that have more than one meaning. This is from the Kanji 

characters that are seen in Japanese, which, when used, would change the meaning of the words in a sentence. The sentences in 

Japanese, as well as Arabic, are said to have specific properties like having multiple structures (Syntactic Ambiguity) when it 

comes to grammar, uncertainty when it comes to what the pronoun would be referring to are some of the critical areas that need 

to be sorted immediately.  

Though there are many differences between the translation, there is a shortage of an efficient processing system for machine 

translation, which is known to suffer mainly from the lack of solutions when it comes to the linguistic analysis that would help 

in providing a support system that is strong and durable [21]. Our research aims at the various errors and complexities that are 

observed in the system, which arises as a result of the differences in the two languages and analyzing how the complex sentence 

words and meanings would be treated by the machine translation systems and how successful they might be. The research 
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problem lies in investigating the errors associated with Google and Babylon MT systems and comparing their reason, based on 

the WER standard metric. The motivation for choosing WER metric is its ability to analyze the algorithms independently for 

their errors with respect to actual versus translated versions of the texts under consideration [22]. Moreover, WER directly 

provides the quantitative measurement of error for the given MT system like Google. 

III. DATA COLLECTION AND ERROR ANALYSIS 

The sentences that would be used for translation in Google and Babylon MT would be selected from Japanese learning texts 

as was mentioned 1. Introduction. There would be general sentences selected and some unique case sentences that are known to 

require more attention due to their unique characteristics. The data would be put through Google and Babylon MT to achieve 

Japanese to Arabic translation. It should be ensured that the input data is grammatically correct and too complicated. 

3.1 The size of Data collection 

The data or sentences, as said, would be taken from Japanese textbooks that are used as a source of learning for foreigners 

trying to learn the Japanese languages, which covers basic expressions with basic vocabulary. There would be a total of 1800 

sentences that would be used, all of which would be gathered from the textbook. Of this, around 1000 would be level 1 

sentence, 300 would be level 2, and lastly, 500 of them would belong to level 3.  

3.2 Collected Data Statistics 

3.2.1 Pre-Data Editing 

This is done to help improve the quality of translation from Japanese to Arabic and is based on the samples that have been 

analyzed which help in the identification of certain data elements with the use of deep learning. The deep learning allows for 

understanding from the collected data the structural difference in the sentence along with the sound pronunciation along with 

the linguistic context that are known to exist between Japanese and Arabic which would help the translation efficiency in 

machine translation. 

Pre-data editing would be done to prepare the samples and analyze them based on the morphological features based on the 

sentence and Japanese grammar structures. In the first stage there is a need to identify as to how the feature would modify the 

structures for the said sentences and what are the problems that could occur if not re-structured. These would help identify trails 

that needs to be monitored for improvement and where the words should be placed in each sentence. In the second step the 

feature with regards to the context of the text is analyzed and what form and pronunciation of the word is used which is whether 

it is masculine or feminine and whether it singular, plural or dual. Finally, these edited and modified sentences are loaded into 

the machine translation which could help in improving the efficiency. This editing process was done by an Arabic native 

speaker i.e., the first author of age thirties who comes from Saudi Arabia and is able to speak Japanese. 

3.2.2 Post-Data Editing 

After the pre-data editing there is numbers that are assigned to specify the data prepared and the need for the data to be 

collected which would help in improving the understand of the SMT system that is used in the translation from Japanese to 

Arabic.  The approach focuses on the need to analyze and increase the grammatical accuracy of the system and ensure it 

portrays the right information. The Table is known to show the statistics that are a source of checking the diversity as well as the 

balance in the process collection. 
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Table 1. Data Statistics 

Type of 

Linguistic 

Level 

The 

number of 

Japanese 

Sentences 

The 

number 

of 

Japanese 

Words 

The 

number of 

characters 

The 

number of 

full-width 

characters 

The 

number 

of full-

width 

English 

Words 

Advanced 

Level 
1,000 38,735 43,943 37,651 10,84 

Intermediate 

Level 
300 5,685 6,679 5,325 360 

Elementary 

Level 
500 2,446 2,593 2,434 12 

Total 1,800 46,866 53,215 45,410 1,456 
 

3.3 Error Analysis 

The typology for error that would be made use of in this study would be based on the classification of error based on the 

model proposed by Farrus Cabecera et. Al. in 2010 [23]. This is said to be an extension of the analysis done in past researches. 

There is a classification scheme for the errors that are seen in machine translation when it is done between Japanese and Arabic, 

which can be achieved by analyzing the morphological language features for the Arabic language [24]. There needs to be a 

different basis of the categorization of the translation errors that exist at the first level, which are orthographic, lexical, syntactic, 

semantic, and morphological errors.  

The errors are of many kinds and can be categorized under seven significant categories like missing words, unknown words, 

singular, dual and plural cases, syntactic, and word order errors. This is also where the morphological errors can be examined to 

help gain information that could provide for improvement in the translation from Japanese to Arabic.  

 
Figure 1. Error types 

 

The above figure is a summary of all the errors that could be seen in machine translation from Japanese to Arabic and the 

various sub-classifications, which are vital to understanding the language issues and where the improvements need to be made. 

This above classification of errors would act as the basis for the evaluation of the translation.  

IV. MT EVALUATION: JAPANESE-ARABIC 

4.1 Evaluation Method 

The concept of performance measure would be achieved by analyzing the Word Error Rate (WER), which would help in 

evaluating translation quality.  The WER would help in providing independent scores for both the Google and Babylon MT, 

which evaluates the performance and also identify areas of improvement. The evaluation would be based on the following 

algorithm represented below:  
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Figure 2. Evaluation Algorithm 

 

The WER metric was proposed in 2007 and was used mostly for the speech recognition and is known to compare the 

sentences based on the Levensthein distance. This was then used after that to evaluate the quality of the translation from 

machine translation and compare it to the reference translation. The idea for this system would be to calculate the number of 

editing operations that are required which would need to be performed on the translated sentence that would make it accurate 

and similar to the reference translation. The number of edits is note as dL (ref,hyp) which is said to be divided by the reference 

translation size which is denoted by Nref. Thus, the calculation is as shown in the below formula. 

    
 

    
   (       ) 

One shortcoming for the method would be the fact that it will not allow for the words reordering and this is an issue as the 

word order might be different from reference to the translation and this might be the case even if the translation is accurate. The 

evaluation method also covers the limitations associated with dynamic nature of MT systems for Google and Babylon. It is quite 

possible that Google changes its system altogether and the findings of this study would not give specific intent of error 

associated with MT systems. However, still WER would be applicable in broader and general sense to indicate the error of 

Google and Babylon. 

4.2 Results and Consideration From MT Evalution 

The first part of the evaluation is carried out based on the evaluation of the results based on the various errors that can be seen 

in the translation and comparing the error statistics based on the translation from Babylon and Google. From the above, we have 

the error classification, and based on the error classification, the results can be observed as below for translation from Japanese-

Arabic using Babylon and Google MT. 
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Table 2. Error Analysis Classification 

Main category Subcategory Error count of Google MT Error count of  Babylon MT 

  
Content Words 59 143 

 Missing Words 

  Filler Words 46 138 

  
Word Level 33 103 

Word Order 

  Phrase Level 37 118 

  
Unknown Stem 31 165 

Unknown Words 

  Unseen Forms 27 179 

  Conjunction 43 157 

Syntactic Preposition 36 106 

  Article 51 197 

  
Syntactic 

reordering 
87 279 

Total of Error 450 1585 

Average Rate of Error 81.81818 288.1818 

Percentage of Error 22.11% 77.89% 

Cumulative Total 532.039 2406 

 

 
Figure 3. Error Analysis Classification 

 

(1) Based on the above, we can see that the errors in Babylon MT are much higher in comparison to Google MT. 

The table would be represented as a chart below to help in easier understanding. That said, the errors in Google MT 

were caused due to Syntactic and missing word errors, which was dominant in these. While in the Babylon MT, the 

errors were mainly seen with syntactic errors along with a large number of unknown word errors. The overall error 

rate in Babylon was way higher at 78% compared to Google at 22%.   

(2) Moving to the second phase, the analysis will try to analyze the system based on the singular case translation 

from Japanese to Arabic. When it comes to the error classification for the singular cases, six classifications are used, 

which are Pronoun singular, Adjective Singular, Nominal Singular, Sound Masculine, Sound Feminine singular, and 

Verbal singular. This evaluation would be to analyze the difference in the singular words when the translation is 

carried out from Japanese to Arabic. The Table 3 and Figure 4 would show the difference in the quality of translation 

Subcategory

0

5000

Typification of Error Analysis 
Classification 

Subcategory Error count of Google MT

Error count of  Babylon MT
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between the Babylon MT and Google MT in singular cases.  From the table below, we can see again with just the 

percentage of errors, the number of errors is quite high for Babylon at 74% in comparison to Google MT, which is at 

26%. The majority of the errors for Google MT were seen in the Sound Masculine Singular and Sound Feminine 

Singular, while the same is true for Babylon the number of errors is almost three times more than Google. 

Table 3. Singular Case Analysis 

Main category Subcategory Error count of Google MT Error count of Babylon MT 

Singular Case 

Pronouns Singular 76 167 

Nominal Singular 38 178 

Adjectives Singular 69 187 

Verbal Singular 35 59 

Sound Masculine Singular 97 279 

Sound Feminine Singular 94 286 

Total of Error 409 1156 

Average Rate of Error 116.8571 330.2857 

Percentage of Error 26.13% 73.87% 

Cumulative Total 935.118 3578.14 
 

As can be seen in the Table 3, error classification of the output included the machine translation of the reading of 

words, the terms for both the masculine and feminine reading of the names of people and places and what is 

attributed to a place, any object that was the nationality of one country or another. 

Regarding the differing quantity of errors in translation output between Google machine translation and Babylon machine 

translation, it is clear that Babylon is extremely high, with a total of 1156 Arabic words.  

On the one hand, there is a related aspect in Google, namely the noticeable convergence in the quantity of errors for the 

difference between masculine and feminine, with a difference of approximately 0.03%. 

This means that the results in the output for Google machine translation have a greater accuracy and quality. The index 

translation accuracy rate for translation outputs from Google machine translation is about 66% of the Arabic directories. 

 

Figure 4. Singular Case Analysis 

 

0% 20% 40% 60% 80% 100%

Error count of Google MT

Error count of Babylon MT

Singular Case 

Singular Case Singular Case

Singular Case Singular Case

Singular Case Singular Case

Total of Error Average Rate of Error

Percentage of Error Cumulative Total
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(3) The third analysis would be similar to the Singular case but would be done for Dual case. In Arabic, different words are 

used for a single person, two-person, and multiple people. So dual based words should be different in translation, and the analysis 

is focused on whether the translations systems were able to capture the differences in the system. This would help in identifying 

the errors in the systems and areas of improvement. Now, based on the analysis, we have Table 4 and Figure 5 as results. When 

we look at the results, we can see that the total errors in Babylon are almost 75%, while Google MT was near 25%. This shows 

the Google MT performs better in the Dual case, too. The majority of the issues when it came to Dual cases for Google were seen 

in Nominal duals and Masculine duals, while for Babylon, almost all were high. Still, Feminine Duals and Nominal duals were 

the majority of errors. This is seen from the chars Figure 5, too, and the total number of errors for Babylon MT was seen 1019 

errors while in Google MT was just 342 errors. Almost all categories saw the Babylon MT having more than 150 errors, which is 

high while in Google's case, the highest was 67. 

Table 4. Dual Case Analysis 

Main 

category 
Subcategory 

Error count 
of Google 

MT 

Error count 
of Babylon 

MT 

Dual Case 

Pronoun 

Duals 
57 167 

Nominal 

Duals 
67 178 

Adjectives 

Duals 
48 158 

Verbal Duals 58 163 

Sound 
Masculine 

Duals 

58 169 

Sound 

Feminine 
Duals 

54 184 

Total of Error 342 1019 

Average Rate of Error 97.71429 291.1429 

Percentage of Error 25.13% 74.87% 

Cumulative Total 97.9656 389.857 
 

 

Figure 5. Dual Case Analysis 

(4) The final analysis would be the Plural case again based on the six categories as in the previous two cases. This again is due 

to the difference in language families with Arabic having different forms that Japanese often have difficult in considering and 

makes the translation complicated. Now, based on the analysis done, we have the results in the Figure 5. 

 

 



Albohassan et al.,                                             International Journal of Advance Research in Computer Science and Management Studies 

                                                                                                                                                 Volume 9, Issue 1, January 2021 pg. 1-13 

 © 2021, IJARCSMS All Rights Reserved          ISSN: 2321-7782 (Online)       Impact Factor: 7.529      ISSN: 2347-1778 (Print)       10 | P a g e  

Table 5. Plural Case Analysis 

Main 

category 
Subcategory 

Error count 

of Google 

MT 

Error count 

of Babylon 

MT 

Plural 
Case 

Pronoun 

Plurals 
39 187 

Nominal 

Plurals 
52 156 

Adjectives 
Plurals 

47 180 

Verbal 
Plurals 

37 159 

Sound 

Masculine 

Plurals 

57 179 

Sound 

Feminine 

Plurals 

39 187 

Total of Error 271 1048 

Average Rate of Error 77.42857 299.4286 

Percentage of Error 20.55% 79.45% 

Cumulative Total 619.634 3015.86 
 

From the above table, we can see again that the percentage of error is high on Babylon MT at almost 80% in comparison to 

Google MT, which has just 21%. The summary of the above table in chart form below. 

 
Figure 6. Plural Case Analysis 

 

So, in this section, it is clear that the maximum number of errors was seen in Nominal plurals and Masculine Plurals for 

Google MT, while for Babylon MT their errors were more in Pronoun plurals and Feminine Plurals. That said, in almost all the 

categories, the Babylon MT would have more errors than Google MT.  

4.3   SMT System by WER 

Now, based on the analysis done for the Google MT and Babylon MT, we look at the WER. The translated sentences were 

analyzed using WER. Google, which is a Statistical machine translation technique, is known to acquire the best translation 

possible, and this output is used by the MT System. Based on the WER analysis conducted it was seen that the Google MT does 

indeed perform much better than Babylon MT. The net result is the translation from Japanese to Arabic is much better when 

using Google MT. The Table 6 shows the Word Error Rate for Google and Babylon MT, which shows a clear difference in 

quality when it comes to the translation system.  

 

0% 20% 40% 60% 80% 100%

Error count of Google MT

Error count of Babylon MT

Plural Case 

Plural Case Plural Case Plural Case

Plural Case Plural Case Plural Case

Total of Error Average Rate of Error Percentage of Error

Cumulative Total



Albohassan et al.,                                             International Journal of Advance Research in Computer Science and Management Studies 

                                                                                                                                                 Volume 9, Issue 1, January 2021 pg. 1-13 

 © 2021, IJARCSMS All Rights Reserved          ISSN: 2321-7782 (Online)       Impact Factor: 7.529      ISSN: 2347-1778 (Print)       11 | P a g e  

 

Table 6. WER for MT Systems 

MT system WER (Word Error Rate) 

Google MT  0.06 

Babylon MT 0.26 
 

V. GENERAL DISCUSSION 

Now, based on the error analysis that was done with the help of using Google MT and Babylon MT system, it can be seen 

that the process of translation for Japanese to Arabic is quite challenging, and this is mainly due to the issues as mentioned 

above or differences in the language. There is a need to understand how each language differs the sentence structure and also 

the different grammatical functions that can be seen between the Japanese and Arabic, which would lead to the lack of accuracy 

with the translation and the final Arabic output sentence. In some cases, the issues are comprehended by the inability of the 

system to understand the Arabic meaning for a word. The main issues that were seen in the translation have been in the noun 

phrases and the verb phrases and their translation to dual and plural nouns that would also take the sound masculine or sound 

feminine plural form. The issues are known to impact and reduce the quality of the output achieved by the translation. The 

overall length of the sentences is also known to impact the quality of the translation from the machine translation system. 

Comparing the MT system, we see that the Babylon MT has had the majority of the errors, and this would be since there is a 

lack of understanding or information with regards to the linguistic structure and differences between the languages. It is 

essential to understand the various issues and challenges with each language and associate rules to help in better translation or 

statistically observe the best fit during the translation. It is important to note here that the frequency of usage of certain words 

with the right meaning in Arabic is supposed to be incorporated and is dependent on the context. The usage of the words and 

frequency of use would be essential to better the translation and choosing the right meaning word in translation.  

The process from all this, we can see that the statistical processing-based system like Google MT is more successful and 

accurate with its translation, and even then, from the results, it is clear that there is a lot of work still to be done.   The only 

positive for Google MT would be that its performance is much better in comparison with that of Babylon MT. The word error 

rate was undoubtedly high for Babylon, almost three times the count for Google, which makes the Babylon MT less reliable. 

That said, while analyzing both the cases, there is a lot of changes that need to be made in the system if it is to be efficient. The 

focus would be on the translation issues when Japanese words are translated into Arabic, and their forms do not match those in 

Arabic. This is another area that would still need improvement, but with the process showing a better system with Google, the 

best way possible is identified. 

VI. CONCLUSION 

The study is an exploration of error analysis based on the morphological features that are done to help gather information 

and examine these based on the knowledge available on the target and source language and to help improve the machine 

translation that exists for Japanese-Arabic translation. The major differences are seen in the grammatical gender and number 

forms in the two languages. The error typologies in the system were analyzed, and a list of errors was categorized for which the 

collected sentences would be analyzed. The data collected in the form of sentences from Japanese textbooks for foreigners was 

used to collect sentences. Google and Babylon MT were used in the translation process, and outputs were analyzed to see 

efficiency. From the results, it is seen Google MT does a better job at translation than Babylon MT. That said, there is still a lot 

of work that needs to be done to help improve the efficiency of translation and at the same time, the data and knowledge gained 

by this study are available and applicable to future.  
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